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Zbigniew CZAPLA1

VIDEO-BASED VEHICLE DETECTION ON A TWO-WAY ROAD
Summary. The paper presents a method of vehicle detection on a two-way
road. Vehicle detection is carried out on the basis of the video stream from
the camera placed over a road. The input image sequence is created by
consecutive frames taken from the video stream. Images from the input image
sequence are processed individually one by one. A detection field is defined for
each lane of the road. Images from the input image sequence are converted into
point image representation. The sums of the edge points within the detection
fields are calculated. States of the detection fields are determined on the basis of
calculated sums of the edge points. Vehicles are detected by analysis of states of
the detection fields. Experimental results are provided.
Keywords: vehicle detection; two-way road; image processing.

1. INTRODUCTION
In contemporary traffic systems, image data are utilized for the determination of traffic
parameters [1, 5, 8]. Traffic parameters can be determined by the application of image
analysis in video-based traffic systems. Video-based traffic systems are usually complex and
multistage, which use various processing methods. The determination of traffic parameters
can be carried out in stages such as filtering, edge detection, morphological operations,
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segmentation, background updating, shadow elimination, determination of vehicle
parameters, feature extraction, vehicle identification and vehicle tracking [6, 7, 10].
In the process of the video-based determination of traffic parameters, image processing is
often performed. An important image processing technique is edge detection. The popular
techniques of edge detection are gradient methods based on discrete convolution. In gradient
methods of edge detection, based on discrete convolution, various masks are utilized, e.g.,
Roberts masks, Sobel masks and Prewitt masks [4, 11]. There are also other well-known edge
detection methods [9, 12].
The proposed video-based method of vehicle detection is based on image conversion into
point representation [3]. Vehicle detection is carried out by the determination of changes to
the detection field state. The detection field state depends on the sum of the edge points
calculated within the detection field [2]. The proposed method of vehicle detection is intend
for automatic measurement systems of road traffic parameters.

2. ALGORITHM OF VEHICLE DETECTION
The algorithm of vehicle detection on a two-way road uses image data obtained from
a camera placed over a road in a measuring station. Input image data consist of consecutive
frames taken from an input video stream, which form the input image sequence. Vehicle
detection on a two-way road is performed as follows:
 description of an input image sequence
 definition of detection fields
 image conversion into the point representation
 determination of states of the detection fields
 vehicle detection
Each image from the input image sequence is labelled with an ordinal number.
The properties of images from the input image sequence depend on the applied camera.
The content of individual images differs in a number of objects and their location. The quality
of images from the input image sequence can change along with the time of day and weather
conditions. Images from the input image sequence are processed one by one.

3. DESCRIPTION OF THE INPUT IMAGE SEQUENCE
The input image sequence consists of consecutive images from the input video stream at
the frame rate of f frames per second (fps). Each image of the input image sequence is in
the greyscale format with an intensity resolution of 8 bits and a size of M x N (columns by
rows) pixels. The position of an image in the input image sequence is marked by the sequence
ordinal number denoted by i. Examples of images from the input image sequence, with a size
of 256 x 256 pixels and a frame rate of 30 fps, are shown in Figure 1.
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Fig. 1. Images from the input image sequence: (a) i = 0; (b) i = 12; (c) i = 42; (d) i = 58
As neighbouring images in the input image sequence are spaced at 1/f-second intervals,
the time resolution of images in the input image sequence is equal to 1/f s.

4. DEFINITION OF THE DETECTION FIELDS
For each road lane, one rectangular detection field is defined. Examples of images from
the input image sequence, with the marked detection fields, are shown in Figure 2 (detection
fields are marked one on each road lane in the figure).
(a)

(b)

(c)

(d)

Fig. 2. Images from the input image sequence with the marked detection fields: (a) i = 0;
(b) i = 12; (c) i = 42; (d) i = 58
Each detection field is defined by coordinates of rectangular corners as follows:
 left upper corner (mL, nU)
 right upper corner (mR, nU)
 left bottom corner (mL, nB)
 right bottom corner (mR, nB)
The detection fields are equal to mR - mL + 1 in width and run across each road lane.
The length of the detection fields, which is equal to nB - nU + 1, is set small, thereby allowing
a two-state interpretation of features in the detection field.

5. IMAGE CONVERSION INTO POINT REPRESENTATION
The conversion of an image into point representation processes the source image in
thebitmap format into the target binary image. Image conversion into point representation is
performed with the use of small image gradients [3].
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Conversion of an image into point representation uses two image matrices. Image matrix A
contains pixel values of the source image. Binary image matrix B has the same size as matrix
A and is allocated for the purpose of target point values:

 
B  bn, m  ,

A  a n, m ,

n  0, 1, , N  1, m  0, 1, , M  1 ,

(1)

n  0, 1, , N  1, m  0, 1, , M  1 .

Except the border elements, for each element of matrix A (1 < n < N - 2 and 1 < m < M 2), the magnitudes of small image gradients in horizontal, vertical and diagonal directions are
determined. The magnitudes of the small row gradients (gr), the small column gradient (gc),
the small gradient “diagonal down” (gd) and the small gradient “diagonal up” (gu) are
determined, respectively, by the following equations:
g r  an, m  an, m 1 ,
g c  an, m  an 1, m ,
g d  an, m  an 1, m 1 ,

(2)

g u  an, m  an 1, m 1 .

The maximum value of the gradient magnitudes is determined for each processed element
of matrix A according to the following equation:
(3)
g max  max  g r , gc , g d , gu  .
The target binary values are determined on the basis of the appropriate maximum value of
the gradient magnitudes and the threshold value denoted by T, as follows:

0 for
bn, m  

1 for

g
g

max
max

T ,

(4)

T .

Examples of images from the input image sequence, after conversion into point image
representation, are shown in Figure 3 (the threshold value is set at T = 8).
(a)

(b)

(c)

(d)

Fig. 3. Images from the input image sequence after conversion into point image
representation: (a) i = 0; (b) i = 12; (c) i = 42; (d) i = 58
Elements of matrix B satisfying the equation bn,m = 1 are called the edge points and their
layout corresponds to edges contained in the source image. All elements of matrix B create
point image representation of the source image as described by matrix A.

6. DETERMINATION OF STATES OF THE DETECTION FIELDS
States of the detection fields describe pointers of occupancy. The pointer value is equal to
0 for the state “detection field free”, while it is equal to 1 for the state “detection field
occupied”. The state of the detection field is determined on the basis of the sum of the edge
points inside the detection field [2, 3].
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The sum of the edge points for the detection field k in the image i of the input image
sequence is calculated as follows:
S ( k )i 

n( k ) B

m( k ) R


 bn, m
n  n( k )U m  m( k ) L

: bn, m  1 .

(5)

Average sums of the edge points within the detection fields are calculated for the current
image i and p previous images. The average sums for images satisfying i > p are given by:
R( k )i 

i
1
 S(k ) j .
p  1 j i  p

(6)

A state of the detection field k describes pointer of occupancy P(k) (equal to 0 for the state
“detection field free” and equal to 1 for the state “detection field occupied”). The state of
the detection field k changes from “detection field free” to “detection field occupied” if
the following condition is satisfied:
R(k )i  R(k )O  P(k )  0 .
(7)
where R(k)O is the threshold value for the change into the occupied detection field. The state of
the detection field k changes from “detection field occupied” to “detection field free” if
the condition:
R( k )i  L( k ) F  P( k )  1 .
(8)
is satisfied, where R(k)F is the threshold value for the change into the free detection field.

7. VEHICLE DETECTION
A vehicle moving through the detection field changes its state. To begin with, the state of
the detection field is “detection field free”. The vehicle driving into the detection field
changes its state into “detection field occupied”. The vehicle leaving the detection field
changes its state from “detection field occupied” into “detection field free”. Vehicles driving
through the detection fields are shown in Figure 4.
(a)

(b)

(c)

(d)

Fig. 4. Vehicles driving through the detection fields in images: (a) i = 0; (b) i = 12; (c) i = 42;
(d) i = 58
Two images at the left side of the figure illustrate a vehicle driving through the detection
field when the vehicle is moving closer to the camera. Two images at the left side of
the figure present a vehicle driving through the detection field and moving away from
the camera. The number of edge point is enough to correct the detection of vehicles driving
through the detection fields in both directions.
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8. CONCLUSION
Detection of vehicles on a two-way road can be carried out with the use of the input image
sequence. The input image sequence consists of consecutive images taken from the video
stream of a camera placed over a road. Each image of the input image sequence is converted
from the bitmap format into point image representation. Vehicle detection on a two-way road
is performed in both directions by analysing the state of the detection fields. The state of
a detection field is determined by an analysis of the sums of edge points, located within
the detection field, in consecutive images taken from the input image sequence.
The method of vehicle detection on a two-way road with the use of image conversion into
point representation is fast and computationally simple. The application of the simple
algorithm and a small number of operations allows for effective image processing, which
makes this method computationally attractive. The proposed method of vehicle detection on
a two-way road is suitable for road traffic measurements. Properties of the proposed method
of vehicle detection can be favourable for real-time processing and also for hardware
implementations.

References
1.

2.
3.

4.
5.

6.

7.

8.

9.
10.

Coifman Benjamin, David Beymer, Philip McLauchlan, Jitendra Malik. 1998. “A realtime vision system for vehicle tracking and traffic surveillance”. Transportation
Research Part C 6(4): 271-288.
Czapla Zbigniew. 2014. “Video based vehicle counting for multilane roads”. Logistyka
(4): 2709-2717. ISSN 1231-5478.
Czapla Zbigniew. 2016. “Point image representation for efficient detection of vehicles”.
In Proceedings of the Ninth International Conference on Computer Recognition
Systems CORES 2015. Advances in Intelligent Systems and Computing (403): 691-700.
Springer International Publishing. ISBN 978-3-319-26225-3.
Di Zeno Silvano. 1986. “A note on the gradient of a multi-image”. Computer Vision,
Graphics, and Image Processing 33(1): 116-125.
Fernandez-Caballero Antonio, Francisco J. Gomez, Juan Lopez-Lopez. 2008. “Road
traffic monitoring by knowledge-driven static and dynamic image analysis”. Expert
Systems with Applications 35(3): 701-719.
Gupte Surendra, Osama Masoud, Robert F. K. Martin, Nikolaos P. Papanikolopoulos.
2002. “Detection and classification of vehicles”. IEEE Transaction on Intelligent
Transportation Systems 3(1): 37-47.
Hsieh Jun Wei, Shih-Hao Yu, Jung-Sheng Chen, Wen-Fong Hu. 2006. “Automatic
traffic surveillance system for vehicle tracking and classification”. IEEE Transaction on
Intelligent Transportation Systems 7(2): 175-187.
Kamijo Shunsuke, Yasuyuki Matsushita, Katsushi Ikeuchi, Masao Sakauchi. 2000.
“Traffic monitoring and accident detection at intersections”. IEEE Transactions on
Intelligence Transportation Systems 1(2): 108-118.
Kang Chung-Chia, Wen-June Wang. 2007. “A novel edge detection method based on
the maximizing objective function”. Pattern Recognition (40)2: 609-618.
Mithun Niluthpol Chowdhury, Nafi Ur Rashid, S. M. Mahbubur Rahman. 2012.
“Detection and classification of vehicles from video using multiple time-spatial
images”. IEEE Transaction on Intelligent Transportation Systems 13(3): 1215-1225.

Video-based vehicle detection on a two-way road
11.

12.

29.

Krishnan R. Muthu, Miyilsamy Radha. 2011. “Edge detection techniques for image
segmentation”. International Journal of Computer Science and Information Technology
3(6): 259-267.
Qian Richard J., Thomas S. Huang. 1996. “Optimal edge detection in two-dimensional
images”. IEEE Transactions on Image Processing 5(7): 1215-1220.

Received 05.02.2016; accepted in revised form 11.07.2016

Scientific Journal of Silesian University of Technology. Series Transport is licensed under
a Creative Commons Attribution 4.0 International License

